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Abstract 
In recent years, the manufacturing industry has seen a shift of the domain of competition from “performance” which 
can easily be expressed numerically to “design” which is hard to be represented with numerical values. The rise of 
companies that focus on design, such as Apple, Samsung and IKEA, is remarkable. However, design presents two 
challenges for the manufacturing industry. Firstly, it is difficult to conduct a questionnaire survey on a design to external 
customers due to confidentiality. Secondary, subjectivity is involved as evaluators tend to use their experiences and 
feelings, which makes it quantitative evaluation almost impossible. Therefore, this study takes up automobile exterior 
design as a subject and aims to realize customer-oriented evaluation process by linking customers’ sensibilities to feature 
values of automobile exterior designs to enable simulating new designs.   
© 2015 The Authors. Published by Elsevier B.V. 
Peer-review under responsibility of KES International. 
Keywords: Design engineering, Natural language processing, Deep Learning 
1. Introduction 
Japan’s manufacturing industry used to have a large presence in the world on the basis of high quality and 
performance. However, as the advancement of ICT has helped reduce gaps among companies in production 
engineering capabilities and emerging firms in Korea and China are growing, performance has no longer been an 
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area for differentiation. As a result, Japanese manufacturers are rapidly losing market share to companies which 
emphasize on design, such as IKEA, Apple and Samsung. Japanese business strategies tend not to pay attention to 
design as a consequence of their long history of a reduced focus on creativity and prioritization of manufacturing 
inexpensive and yet quality products (Washida 2014).  
In response to the market change, some Japanese companies have embarked on reforming themselves. For 
example, Mazda, who is in consistent pursuit of “Soul of Motion” design as one of the corporate strategic pillars, has 
successfully enhanced its brand value.   
Thus, as the importance of design has been re-affirmed, difficult problems to overcome are twofold. Firstly, 
unified evaluation indicators of design have not been defined yet. It is extremely difficult to evaluate design 
quantitatively, which can be seen in the fact that design cost is not defined in accounting. Kansei (affective) 
engineering typically employs the SD (Semantic Differential) method to evaluate predefined viewpoints on a 5 to 7 
point scale. This leads to the second problem; confidentiality of design. Most firms classify design as top secret and 
thereby cannot easily conduct a questionnaire survey on design targeting external customers. Instead, internal 
evaluators called experts are usually engaged in evaluation using the aforementioned SD method or other methods. 
These two problems caused evaluation results to be largely affected by the evaluator’s experiences and thereby make 
it difficult for businesses to create a design that meets the true needs of customers.  
This study is designed to enable quantitative evaluation of kansei (sensibilities) toward new designs of 
automobile exterior on the basis of raw voice of customers posted in abundance in SNS, message boards and blogs. 
2. Related work 
Design sensibilities have been actively researched in the field of kansei (affective) engineering. Onishi et al. 
(2012) modeled color sensibilities using a neural network. Yoshida et al. (2016) modeled evaluating sensibilities 
toward simple shapes and general product shapes. Fong Ting et al. (2015) quantitatively evaluated sensibilities 
toward smartphone GUI designs. However, all these measurements taken in the studies are on an interval scale and 
thereby cannot be used to evaluate human sensibilities as they are. Chela et al. (2012) utilized the size of a circle 
drawn freehand to evaluate sensibilities on a subjective scale. However, it is not an appropriate approach for this 
study because only simple graphics are in the scope.     
In the area of research on precise extraction of design feature values, deep learning is a recent mainstream. 
Schroff (2015) succeeded in person recognition with 99.63% accuracy using deep learning with 22 layers. Fei-Fei-
Li (2014) extracted feature values of objects and behaviors and generated explanation sentences from the pictures. 
Mansimov (2016) extracted feature values of colors and conditions and automatically generated images from 
sentences which contain adjectives associated with colors or conditions. However, the research did not extract 
sensibilities.  
In the area of research on obtaining word features from voice of customers, Mikolov (2015) proposed a method 
called word2vec. He extracted word feature values by compressing  vocabularies in 200,000 dimensions into a 
variance matrix which has 200 dimensions. 
3. Study Method  
Quantitative evaluation for sensibilities toward new designs is established by collecting automobile exterior 
designs and voice of customers from the market and linking them to design feature values and sensibilities.   
The learning scope of this study is 47 names of vehicles listed in Table 1. 
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Table 1. Vehicle Names in Scope 
 
 
As image data, a total of 9,400 images with about 200 images per vehicle are used. Images are obtained in the 
following steps.  
Step1: Collect images by crawling  
Step2: Select images with white or plain background  
Step3: Modify image size to 256 × 256 pixels 
Step4: Amplify an image by rotating or changing contrast  
Approximately 526, 000 records of voice of customers (VOC) which were collected during a target period from 
January 1, 2014 to September 14, 2015 are used 
 
Table 2. VOC used in this study 
 
 
㻹㼍㼗㼑㼞 㻯㼍㼞㻌㻺㼍㼙㼑 㻹㼍㼗㼑㼞 㻯㼍㼞㻌㻺㼍㼙㼑
㻰㼍㼕㼔㼍㼠㼟㼡 㻯㻻㻼㻱㻺 㻺㼕㼟㼟㼍㼚 㻰㻭㼅㼆㻺㻻㻾㻹㻭㻸
㻰㼍㼕㼔㼍㼠㼟㼡 㻹㻵㻾㻭㻌㻯㻻㻯㻻㻭 㻺㼕㼟㼟㼍㼚 㻰㻭㼅㼆㻾㻻㻻㼄
㻰㼍㼕㼔㼍㼠㼟㼡 㻹㻻㼂㻱 㻺㼕㼟㼟㼍㼚 㻲㼁㻳㻭
㻰㼍㼕㼔㼍㼠㼟㼡 㼀㻭㻺㼀㻻 㻺㼕㼟㼟㼍㼚 㻶㼁㻷㻱
㻴㼛㼚㼐㼍 㻭㻯㻯㻻㻾㻰 㻺㼕㼟㼟㼍㼚 㻸㻱㻭㻲
㻴㼛㼚㼐㼍 㻯㻾㻙㼂 㻺㼕㼟㼟㼍㼚 㻺㻻㻭㻴
㻴㼛㼚㼐㼍 㻯㻾㻙㼆 㻺㼕㼟㼟㼍㼚 㻺㻻㼀㻱
㻴㼛㼚㼐㼍 㻲㻵㼀 㻺㼕㼟㼟㼍㼚 㻼㻾㻵㼁㻿
㻴㼛㼚㼐㼍 㻲㻾㻱㻱㻰 㻺㼕㼟㼟㼍㼚 㻿㻱㻾㻱㻺㻭
㻴㼛㼚㼐㼍 㻳㻾㻭㻯㻱 㻿㼡㼎㼍㼞㼡 㻲㻻㻾㻱㻿㼀㻱㻾
㻴㼛㼚㼐㼍 㻶㻭㻰㻱 㻿㼡㼎㼍㼞㼡 㻸㻱㻳㻭㻯㼅
㻴㼛㼚㼐㼍 㻸㻱㻳㻱㻺㻰 㻿㼡㼦㼡㼗㼕 㻭㻸㼀㻻㻸㻭㻼㻭㻺
㻴㼛㼚㼐㼍 㻺㻙㻮㻻㼄 㻿㼡㼦㼡㼗㼕 㻿㻼㻭㻯㻵㻭
㻴㼛㼚㼐㼍 㻺㻙㻻㻺㻱 㻿㼡㼦㼡㼗㼕 㻿㼃㻵㻲㼀
㻴㼛㼚㼐㼍 㻺㻙㼃㻳㻺 㼀㼛㼥㼛㼠㼍 㻭㻽㼁㻭
㻴㼛㼚㼐㼍 㻻㻰㻱㻿㻿㻱㼅 㼀㼛㼥㼛㼠㼍 㻯㻻㻾㻻㻸㻸㻭
㻴㼛㼚㼐㼍 㻿㻴㼁㼀㼀㻸㻱 㼀㼛㼥㼛㼠㼍 㻱㻿㼀㻵㻹㻭
㻴㼛㼚㼐㼍 㻿㼀㻱㻼㼃㻭㻳㻻㻺 㼀㼛㼥㼛㼠㼍 㻵㻽
㻴㼛㼚㼐㼍 㼂㻱㼆㻱㻸 㼀㼛㼥㼛㼠㼍 㻸㻭㻺㻰㻯㻾㼁㻵㻿㻱㻾
㻹㼍㼦㼐㼍 㻭㼀㻱㻺㼆㻭 㼀㼛㼥㼛㼠㼍 㻿㻵㻱㻺㼀㻭
㻹㼍㼦㼐㼍 㻭㼄㻱㻸㻭 㼀㼛㼥㼛㼠㼍 㼂㻵㼀㼆
㻹㼍㼦㼐㼍 㻰㻱㻹㻵㻻 㼀㼛㼥㼛㼠㼍 㼂㻻㼄㼅
㻹㼍㼦㼐㼍 㻼㻾㻱㻹㻭㻯㼅 㼀㼛㼥㼛㼠㼍 㼃㻵㻿㻴
㼂㼃 㼁㻼㻍
㼃㼑㼎㻌㼟㼠㼑 㻺㼡㼙㼎㼑㼞
㼏㼔㼕㼑㼎㼡㼗㼡㼞㼛㻚㼥㼍㼔㼛㼛㻚㼏㼛㻚㼖㼜 㻟㻜㻝㻘㻥㻡㻣
㼙㼕㼚㼗㼍㼞㼍㻚㼏㼍㼞㼢㼕㼑㼣㻚㼏㼛㻚㼖㼜 㻞㻝㻠㻘㻥㻠㻞
㼗㼡㼞㼡㼢㼕㼍㻚㼏㼛㼙 㻠㻘㻤㻥㻡
㼛㼟㼔㼕㼑㼠㼑㻚㼓㼛㼛㻚㼚㼑㻚㼖㼜 㻟㻘㻢㻝㻝
㼍㼙㼑㼎㼘㼛㻚㼖㼜 㻞㻞㻞
㼒㼏㻞㻚㼏㼛㼙 㻝㻢㻤
㼘㼕㼢㼑㼐㼛㼛㼞㻚㼖㼜 㻝㻠㻢
㼀㼛㼠㼍㼘 㻡㻞㻡㻘㻥㻠㻝
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In addition, a corpus of similar sensibility expressions is created from all pages of the Japanese version of 
Wikipedia by using Skipgram. The study uses 13 types of sensibilities shown in Table 3. A similar expression is 
defined as a word with cosine similarity of 0.8 or higher. 
 
Table 3. VoC in the market used in this study 
 
 
The algorithm consists of two steps. The first step is a “similarly-featured vehicle discriminator.” The feature 
values of the exterior designs are extracted in 1,000 dimensions from a conventional neural network (BVLC 
CaffeNet Model) and used as an input to calculate a degree of similarity to the vehicle names learned using SVM 
with RBF kernels. The second step is “design score encoder.” Only nouns and adjectives are extracted from the 
collected VOC shown in Table 2 using Mecab and corrected for fluctuation of description to narrow down to 
sensibility words associated with design and similar expressions listed in Table 3. Then, design scores are calculated 
using the following formula.. 
ሺ ௜ܹሻ ൌ ௜ܹ
൅ σ ௜ܹᇱ
σ ௜ܹଵଷ௜ୀଵ
 
௜ܹ˖ܰݑܾ݉݁ݎݏ݁݊ݏܾ݈݅݅݅ݐݕݓ݋ݎ݀ݐ݋ݐ݄݁ݐܽݎ݃݁ݐܿܽݎ݊ܽ݉݁ሺ݅ ൌ ͳ̚ͳ͵ሻ 
 ௜ܹᇱ˖݈ܵ݅݉݅ܽݎ݁ݔ݌ݎ݁ݏݏ݅݋݊݋݂ݏ݁݊ݏܾ݈݅݅݅ݐݕݓ݋ݎ݀ ௜ܹ 
 
Design scores for W_1~ W_13 are calculated in the aforementioned method and normalized to use as output. 
 
 
4. Method of verification 
For the four vehicle names, Honda VEZEL, Nissan JUKE, Mazda CX-3 and Subaru XV, the sensibilities which 
are output from the model are compared from actual VOC (April 1, 2014 to March 14, 2015) to verify accuracy of 
the model. Fair evaluation is expected by comparing the names of vehicles from different Japanese manufactures 
which are competing with each other in the same category of SUV.     
 
  
㼣㼛㼞㼐㻝 㼟㼏㼛㼞㼑㻝 㼣㼛㼞㼐㻞 㼟㼏㼛㼞㼑㻞 㼣㼛㼞㼐㻟 㼟㼏㼛㼞㼑㻟 㼣㼛㼞㼐㻠 㼟㼏㼛㼞㼑㻠 㼣㼛㼞㼐㻡 㼟㼏㼛㼞㼑㻡
㻯㼡㼠㼑 㻯㼡㼠㼑 㻜㻚㻤㻢㻡㻝㻥 㻯㼛㼛㼘 㻜㻚㻣㻞㻣㻠㻢 㻯㼡㼠㼑 㻜㻚㻢㻥㻥㻜㻝 㻼㼞㼑㼠㼠㼥 㻜㻚㻢㻣㻡㻞㻜 㻯㼛㼛㼘 㻜㻚㻢㻣㻠㻝㻜
㻲㼛㼜㼜㼑㼞㼥 㻲㼍㼟㼔㼕㼛㼚㼍㼎㼘㼑 㻜㻚㻣㻞㻡㻡㻢 㻲㼍㼟㼔㼕㼛㼚㼍㼎㼘㼑 㻜㻚㻢㻠㻢㻡㻤 㻯㼡㼠㼑 㻜㻚㻢㻞㻥㻞㻥 㻯㼔㼍㼠 㻜㻚㻢㻜㻟㻥㻤 㻯㼍㼟㼡㼍㼘 㻜㻚㻡㻥㻥㻡㻠
㻮㼑㼍㼡㼠㼕㼒㼡㼘 㻼㼞㼑㼠㼠㼥 㻜㻚㻥㻜㻟㻡㻜 㻮㼑㼍㼡㼠㼕㼒㼡㼘 㻜㻚㻣㻢㻣㻝㻜 㻼㼞㼑㼠㼠㼥 㻜㻚㻣㻟㻢㻤㻠 㻼㼡㼞㼑㻌㼃㼔㼕㼠㼑 㻜㻚㻣㻞㻝㻤㻡 㻮㼞㼕㼓㼔㼠㻌㻾㼑㼐 㻜㻚㻣㻝㻝㻝㻤
㻵㼚㼠㼑㼞㼑㼟㼠㼕㼚㼓 㻵㼚㼠㼑㼞㼑㼟㼠㼕㼚㼓 㻜㻚㻤㻠㻝㻥㻞 㻭㼜㼜㼑㼍㼘 㻜㻚㻣㻞㻜㻜㻣 㻮㼛㼞㼕㼚㼓 㻜㻚㻣㻜㻢㻥㻣 㻰㼍㼚㼓㼑㼞㼛㼡㼟 㻜㻚㻢㻤㻤㻜㻟 㻵㼚㼠㼑㼞㼑㼟㼠㼕㼚㼓 㻜㻚㻢㻣㻥㻝㻜
㻼㼘㼑㼍㼟㼍㼚㼠 㻴㼍㼜㼜㼕㼘㼥 㻜㻚㻣㻞㻞㻣㻠 㻵㼚㼠㼑㼞㼑㼟㼠㼕㼚㼓 㻜㻚㻢㻣㻝㻢㻜 㻵㼚㼠㼑㼞㼑㼟㼠㼕㼚㼓 㻜㻚㻢㻡㻤㻡㻞 㻰㼑㼘㼕㼏㼕㼛㼡㼟 㻜㻚㻢㻠㻠㻤㻡 㻳㼞㼑㼍㼠 㻜㻚㻢㻠㻟㻢㻝
㻿㼛㼜㼔㼕㼟㼠㼕㼏㼍㼠㼕㼛㼚 㻮㼍㼏㼗㼕㼚㼓 㻜㻚㻢㻟㻝㻥㻜 㻵㼙㼜㼛㼞㼠㼍㼚㼏㼑 㻜㻚㻢㻞㻟㻝㻠 㻾㼑㼒㼘㼑㼏㼠㼕㼛㼚 㻜㻚㻢㻝㻟㻞㻡 㻭㼙㼑㼞㼕㼏㼍㼚㼕㼦㼑 㻜㻚㻢㻝㻜㻝㻞 㻱㼤㼍㼓㼓㼑㼞㼍㼠㼕㼛㼚 㻜㻚㻢㻜㻞㻥㻥
㻴㼕㼓㼔㻌㻳㼞㼍㼐㼑 㻽㼡㼍㼘㼕㼠㼥 㻜㻚㻡㻡㻟㻤㻥 㻸㼡㼤㼡㼞㼥 㻜㻚㻡㻞㻥㻠㻢 㻱㼤㼜㼑㼚㼟㼕㼢㼑 㻜㻚㻡㻜㻥㻥㻜 㻵㼚㼑㼤㼜㼑㼚㼟㼕㼢㼑 㻜㻚㻡㻜㻟㻞㻠 㻸㼡㼤㼡㼞㼥 㻜㻚㻠㻥㻞㻥㻞
㻵㼠㻓㻿㻌㻮㼑㼍㼡㼠㼕㼒㼡㼘 㻮㼑㼍㼡㼠㼕㼒㼡㼘㼘㼥 㻜㻚㻣㻡㻣㻡㻢 㻳㼞㼑㼍㼠 㻜㻚㻢㻠㻟㻤㻥 㻳㼞㼑㼍㼠 㻜㻚㻢㻟㻡㻢㻣 㻮㼞㼕㼓㼔㼠 㻜㻚㻢㻞㻟㻤㻤 㻰㼕㼢㼕㼚㼑 㻜㻚㻢㻝㻣㻡㻠
㻺㼛㼢㼑㼘㼠㼥 㻺㼛㼢㼑㼘 㻜㻚㻤㻟㻢㻤㻡 㼁㼚㼕㼝㼡㼑 㻜㻚㻤㻞㻣㻤㻤 㻱㼜㼛㼏㼔㼍㼘 㻜㻚㻤㻜㻤㻞㻠 㻰㼍㼞㼕㼚㼓 㻜㻚㻣㻥㻤㻡㻜 㻿㼕㼙㼜㼘㼑 㻜㻚㻣㻡㻞㻢㻠
㻿㼠㼥㼘㼕㼟㼔 㻲㼍㼟㼔㼕㼛㼚㼍㼎㼘㼑 㻜㻚㻣㻟㻡㻞㻥 㻱㼘㼑㼓㼍㼚㼠 㻜㻚㻣㻜㻡㻝㻟 㻿㼕㼙㼜㼘㼑 㻜㻚㻢㻥㻡㻢㻤 㻿㼜㼛㼞㼠㼥 㻜㻚㻢㻥㻡㻡㻞 㻿㼜㼛㼞㼠㼥 㻜㻚㻢㻤㻥㻜㻝
㻿㼜㼛㼞㼠㼥 㻿㼜㼛㼞㼠㼥 㻜㻚㻥㻝㻤㻠㻤 㻯㼛㼚㼢㼑㼚㼠㼕㼛㼚㼍㼘 㻜㻚㻣㻝㻣㻠㻤 㻼㼑㼍㼗㼥 㻜㻚㻣㻝㻠㻣㻜 㻸㼡㼤㼡㼞㼥 㻜㻚㻣㻜㻥㻜㻞 㻺㼕㼙㼎㼘㼑 㻜㻚㻣㻜㻤㻣㻝
㻯㼔㼕㼏 㻱㼘㼑㼓㼍㼚㼠 㻜㻚㻣㻜㻤㻜㻤 㻯㼍㼟㼡㼍㼘 㻜㻚㻣㻜㻞㻜㻝 㼁㼜㼘㼕㼒㼠㼕㼚㼓 㻜㻚㻢㻤㻡㻠㻡 㻱㼤㼛㼠㼕㼏 㻜㻚㻢㻢㻢㻝㻤 㻹㼑㼠㼍㼘㼘㼕㼏 㻜㻚㻢㻡㻣㻢㻣
㻹㼛㼐㼑㼞㼚 㻭㼢㼍㼚㼠㻙㻳㼍㼞㼐㼑 㻜㻚㻢㻡㻢㻟㻟 㻹㼛㼐㼑㼞㼚㼕㼟㼙 㻜㻚㻢㻠㻣㻡㻣 㻼㼛㼜 㻜㻚㻢㻞㻥㻜㻟 㻼㼟㼥㼏㼔㼑㼐㼑㼘㼕㼏 㻜㻚㻡㻥㻣㻡㻣 㻯㼛㼚㼠㼑㼙㼜㼛㼞㼍㼞㼥 㻜㻚㻡㻥㻟㻢㻞
㻲㼍㼙㼕㼘㼥 㻮㼕㼓 㻜㻚㻡㻟㻞㻤㻠 㼀㼔㼡㼚㼐㼑㼞㻌㻹㼍㼚 㻜㻚㻡㻜㻡㻡㻢 㻰㼛㼚㻌㻽㼡㼕㼤㼛㼠㼑 㻜㻚㻠㻥㻜㻢㻝 㻴㼛㼡㼟㼑 㻜㻚㻠㻤㻡㻠㻥 㻮㼞㼛㼠㼔㼑㼞 㻜㻚㻠㻤㻞㻤㻜
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Table 4. VoC used for verification 
 
 
 
5. Conclusion 
The method explained in this paper aims to quantitatively evaluate highly confidential designs without taking a 
questionnaire survey. 
After this method is proved viable for the exterior design, it can be applied to other areas of the vehicle such as 
interior or other products such as smartphone. 
  
㼃㼑㼎㻌㼟㼕㼠㼑 㻺㼡㼙㼎㼑㼞
㻞㼏㼔㻌㻲㼛㼞㼡㼙㻌㻾㼑㼜㼘㼕㼑㼟 㻢㻝㻘㻥㻞㻜
㼀㼃㻵㼀㼀㻱㻾 㻞㻥㻘㻣㻣㻡
㻳㼑㼚㼑㼞㼕㼏㻌㻮㼘㼛㼓㼟 㻞㻘㻟㻡㻟
㼍㼙㼑㼎㼍㻚㼖㼜㻌㼎㼘㼛㼓㼟 㻝㻘㻡㻢㻞
㻿㼛㻙㻺㼑㼠㻌㻮㼘㼛㼓 㻝㻘㻟㻝㻞
㻭㼓㼓㼞㼑㼓㼍㼠㼛㼞 㻝㻘㻜㻥㻞
㼘㼕㼢㼑㼐㼛㼛㼞㻚㼖㼜㻌㼎㼘㼛㼓㼟 㻥㻥㻝
㼏㼔㼕㼑㼎㼡㼗㼡㼞㼛㻚㼥㼍㼔㼛㼛㻚㼏㼛㻚㼖㼜㻌㻲㼛㼞㼡㼙㻌㻼㼛㼟㼠㼟 㻤㻡㻜
㻲㼛㼞㼡㼙㻌㻾㼑㼜㼘㼕㼑㼟 㻣㻟㻤
㼒㼏㻞㻚㼏㼛㼙 㻢㻤㻟
㼅㼍㼔㼛㼛㻌㻶㼍㼜㼍㼚㻌㼎㼘㼛㼓㼟 㻡㻜㻡
㼟㼑㼑㼟㼍㼍㻚㼚㼑㼠 㻠㻢㻣
㻞㼏㼔㻌㻲㼛㼞㼡㼙㻌㻼㼛㼟㼠㼟 㻟㻞㻞
㻳㼛㼛㻌㼎㼘㼛㼓 㻞㻣㻡
㼏㼔㼕㼑㼎㼡㼗㼡㼞㼛㻚㼥㼍㼔㼛㼛㻚㼏㼛㻚㼖㼜㻌㻲㼛㼞㼡㼙㻌㻾㼑㼜㼘㼕㼑㼟 㻞㻣㻞
㻶㼡㼓㼑㼙㻌㼎㼘㼛㼓 㻝㻤㻝
㻳㼑㼚㼑㼞㼕㼏㻌㻮㼘㼛㼓㼟㻌㻯㼛㼙㼙㼑㼚㼠㼟 㻝㻡㻣
㻲㼛㼞㼡㼙㻌㻼㼛㼟㼠㼟 㻝㻞㻜
㼑㼤㼎㼘㼛㼓㻚㼖㼜 㻤㻠
㼃㼛㼞㼐㼜㼞㼑㼟㼟 㻡㻣
㻲㼍㼏㼑㼎㼛㼛㼗㻌㻸㼕㼚㼗㻌㻼㼛㼟㼠㼟 㻟㻥
㻮㼡㼥㻛㻿㼑㼘㼘 㻟㻡
㻴㼍㼠㼑㼚㼍㻌㼎㼘㼛㼓 㻞㻞
㻲㼍㼏㼑㼎㼛㼛㼗㻌㻼㼔㼛㼠㼛㻌㻼㼛㼟㼠㼟 㻞㻝
㻲㼍㼏㼑㼎㼛㼛㼗㻌㼂㼕㼐㼑㼛㻌㻼㼛㼟㼠㼟 㻝㻤
㻹㼍㼕㼚㼟㼠㼞㼑㼍㼙㻌㻹㼑㼐㼕㼍 㻝㻣
㻹㻱㻰㻵㻭㼋㻼㻾㻻㼂㻵㻰㻱㻾 㻝㻡
㼛㼟㼔㼕㼑㼠㼑㻚㼓㼛㼛㻚㼚㼑㻚㼖㼜㻌㻲㼛㼞㼡㼙㻌㻼㼛㼟㼠㼟 㻝㻝
㼑㼤㼎㼘㼛㼓㻚㼖㼜㻌㻯㼛㼙㼙㼑㼚㼠㼟 㻝㻜
㼛㼟㼔㼕㼑㼠㼑㻚㼓㼛㼛㻚㼚㼑㻚㼖㼜㻌㻲㼛㼞㼡㼙㻌㻾㼑㼜㼘㼕㼑㼟 㻢
㼥㼍㼜㼘㼛㼓㻚㼖㼜 㻠
㻮㼘㼛㼓㼟㼜㼛㼠 㻞
㼀㼛㼠㼍㼘 㻝㻜㻟㻘㻥㻝㻢
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